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What if we ignored context and played
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Regret bound is independent of actions context

But horrible if litt is large

If IT is a class of multi class classifiers

leg linear neural nets then we know

for classification we can learn a good classifier

from historical data What if I have

historical data for a deployed policy
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Ex USPS observes location of a package context

and then they choose a route to deliver it
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But sometimes you can get lucky
Suppose you defined a feature map
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This linear example demonstrates that

naively fitting a function to data In work

But not always
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Consider the IPS inverse propensity
estimator
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