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Sequenceof r.us XoXX2 called a discrete time martingale
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Doob's martingale process
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Some useful facts about martingales
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Tail inequalities
F Xn _E Xo how far can it be from its expectation

Azuma Hoeffding Inequality
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Applications
Azuma Hoeffding Inequality
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Finding interesting patterns e gi in DNA songs
Pittpatpttpep

Let X X Xn be sequenceof characters chosen
independently u a n from E 154 5
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One more cute and useful application of 0 SI

Toss fair coin

X Exp steps to see HTH
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A martingale approach for any pattern

e.g a HTH
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Repeated Online Decision Making andthe Multiplicate Weights Algorithm

A setgpossible actions 1Akn
T a time horizon A 1,2 in

6
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