
 

Ok we've analyzedthat for a given
Uniform convergence

Agnostics G beingd's n Agnostic PAC learner
VCdim 1H is bounded

EF fenhisneficint.catainlyin
the agnostic setting

But it is efficient for realizeable linear separators Hiina

Pick well s.t.sncw xis b yiV xisyi

esVCdimHind d
lxo

o
shattereable set

LB For Pick b yo Cw xo tb b Yo

ftp.ei

ii iiii e
b and justWJInaitas.fm tiabepse sehatt inanbaey Hlind

argue
about

Since ICl d l C isnot linearly thebiasless

Ito sit ones

at x ̅ O T i airo
NE z ajc03 i tywi

Epaixi
g
Entail

wtf so at least
one is nonem

If onist the other can't be



supposen wait tn t 8i for
08Eg ai wixi E.paixi.ws fEhikiiw7 ElailsxjwsCO

jen
A contradiction
so C can't be shattered since

sgnlxj.WSby Alin a

thismeansERMonmic.tli5ampT
PAC learns linear Separators in Rd

When not realizable it's computationally hard i

Simple Alg use Linear Programming Other things also work

If our data is not only realizable but also
separable

Has a margin min pwidth

o is the margithen we can learn
with many

fewer w of w

samples
wt argmin Hull

st y Wixi 11 tie
w

P 11 1 R



nally what is hard about non realizable setting
Our 2nd fave alg Gradient Descent isn't good
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