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Takeaway:

Visualizations are a form of communication.

You can lie, stretch the truth, and bullshit with visualizations, just
like any form of communication.
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Bad Visualizations

Incorrect Visualizations
lllegible Visualizations
Bullshit Visualizations
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'ncorrect Visualization

2010 Georgia Approval Ratings by Region
In a Georgia f poll, were ask
government. Select a politician or legislative branch to see ho

@ BARACKOBAMA () USCONGRESS () GA STATE LEGISLATURE () )
Statewide Results: Regional Results:

Barack Obama
Approve: 37 %
Disapprove: 2%
Not Sure: 11%

U.S. Congress \TA ME
Approve: 21 %
Disapprove: 80 %
_ NotSure: 19%

\/

State Legislature
Approve: 39 %

. Disapprove: 37 %

Not Sure: 24 %

OTHER REGIONS

Sonny Perdue
Approve: 45 %
Disapprove: 42 %
kit Percent of Poled Residents

. Appeove . Disapprove ] Net Sure

https://accidental-art.tumblr.com/
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BY THE NUMBERS

The National Collegiate Health Assessment was taken by 1,000 UCSB students in

Spring 2009. Participants were asked how frequently they used substances over

the past 30.days. Numbers in white reflect actual student use, while red numbers

indicate perceived substance use. The average age of participants was 20 years
and approximately 99 percent were full-time students.
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ncorrect Visualizations

People assume that visualizations properly encode their data

...if we violate that assumption, we can do anything we want.
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llegible Visualization

(f) Distribution of Genus
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Interactive Weekly Unemployment Insurance Claims b
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= | Historical Initial Claims by Week
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Organizational Chart of the House Democrats' Health Plan
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llegible Visualizations

People will get lost in the details or overwhelmed by complexity

...if we make things intentionally complex people then people
will just assume we know what we're talking about or will be too

dazed to check too closely.
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Bullshit Visualization

Lie:
“No, officer, | wasn’t speeding”

(you know the truth, but intentionally say
something you know is untrue)

Bullshit:

“The party was lame anyways, it's good | wasn’t
invited”

(you don't know or don't care about the truth,
but intentionally say something you hope is
persuasive)
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For people under 60, coronavirus is LESS dangerous
than the seasonal flu:

Flu and COVID-19 death rates by age

Flu COVID-19 in South Korea
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States where physicians are highly paid have lower

Covid-19 mortality per capita. Fact check: Countries with more economic freedom

have less racist attitudes, according to the World
Values Survey.

Economic freedom and racism
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Annual PV additions: historic data vs IEA WEO predictions

In GW of added capacity per year - source International Energy Agency - World Energy Outlook
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Bullshit Visualizations

You can just make stuff up with no connection to reality

...show stuff that looks like data but isn't
...assume a conclusion and pretend it's true
...or give people data they can’t do anything with
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Which states have the most STIs?

10.0

B 200
I 30.0

& _ | I 40.0

Il 50.0

HI



Which states have the most STIs?
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“Each state has been rated from one to 50: the
higher the score, the smaller the proportion of
STls. So on the map - the darker the colour, the
smaller the rate of STls.”



Gun deaths in Florida
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Gun deaths in Florida
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Gun deaths in Florida Irags bloody toll
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Convention Manipulation

Top 5 Counties with the Greatest Number of Confirmed COVID-19 Cases
The chart below represents the most impacted counties over the past 15 days and the number of cases over time. The table below also
represents the number of deaths and hospitalizations in each of those impacted counties.

County

YeKalk Fulton
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Convention Manipulation

Top 5 Counties with the Greatest Number of Confirmed COVID-19 Cases

The chart below represents the most impacted counties over the past 15 days and the number of cases over time. The table below also
represents the number of deaths and hospitalizations in each of those impacted counties.

County
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Convention Manipulation

Top 5 Counties with the Greatest Number of Confirmed COVID-19 Cases

The chart below represents the most impacted counties over the past 15 days and the number of cases over time. The table below also
represents the number of deaths and hospitalizations in each of those impacted counties.

(? Candice Broce

The x axis was set up that way to show descending
values to more easily demonstrate peak values and
counties on those dates. Our mission failed. We
apologize. It is fixed.




Convention Manipulation

Top 5 Counties with the Greatest Number of Confirmed COVID-19 Cases

The chart below represents the most impacted counties over the past 15 days and the number of cas

represents the number of deaths and hospitalizations in each of those impacted counties. Top 5 Counties With the Greatest Number of Conﬂrmed COVID‘ 19 Cases

Cotnty County
Fulton Gwir

Cobb
DeKalb
Fulton
Gwinnett

Hall

28Apr2020 03May2020 08May2020
date

Redesign from Lucy D’Agostino McGowan
https://livefreeordichotomize.com/2020/05/17/graph-detective/
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Cayuga Vocal Ensemble
ushers in the holidays with
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Planning Board approves
IC students occupy Job Hall
Cayuga Vocal Ensemble
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Average Annual Global Temperature in Fahrenheit
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Unconventional Visualizations

People have tacit conventions on how they interpret charts
(around colors, axes, slopes)

...if you violate those conventions, you can catch people off
guard.



Other Types of Bad Visualizations

Fragile Visualizations?
Visualization White Lies?
Inhuman Visualizations?

72



New Cases Per Day in Sweden
H
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New Deaths Per Day in Sweden

In spite of a lot of periodic
noise (in the data), it is now
clear that in Sweden New
Deaths Per Day are
decreasing and are now
80% of maximum.

Michael Levitt 2 May 2020




Sweden Covid-19 deaths per day
Rolling 3-day average

source: Folkhdlsomyndigheten, daily spreadsheet
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Visualization "White Lies”
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Logging fatalities and percentages by region, 1992-97

Midwestern Region
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Sam Dragga & Dan Voss “Cruel Pies: The
Inhumanity of Technical lllustrations”

53.60%

Logging employment percentages by region, 1992-97

Midwestern Region
15.60%

Western Region

Northeastern Region
14.60%

Southern Region
4370%



Logging fatalities and percentages by region, 1992-97

Midwestern Region

11.50%

Western Region
n=186
24.10%

Northeastern Region
n=83

10.80%

Southern Region

Logging employment percentages by region, 1992-97
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Logging fatalities and percentages by region, 1992-97

/71 Dead People

Where Your Employees Live




"The UnEmpathic Art”

| am just very skeptical of the
iIdea that data visualization is
a medium that can convey (or
even care about conveying) or
increase “empathy”

-Alberto Cairo




Wrap Up

Ways to mislead:

Breaking assumptions, expectations, conventions, drowning
people in details... or just making stuff up.

Nuance:

Not every chart that breaks a “rule” is misleading
Not ever chart that follows the “rules” is truthful
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Hide Overlays
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WHITE COLLAR CRIME RISK ZONES

White Collar Crime Risk Zones uses machine
learning to predict where financial crimes are
mostly likely to occur across the US. To learn

about our methodology, read our white paper.

By Brian Clifton, Sam Lavigne and Francis

Tseng for The New Inquiry Magazine, Vol. 59:
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ashboard by the Center for Systems Science and Engineering (CSSE) at Johns Hopkins University (J..
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Total 20th century death toll

Visualized
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