
Section 6: Continuous Random Variables

Review of Main Concepts

• Continuous Random Variable: A continuous random variable X is one for which its cumulative distribution
function FX(x) : R ! R is continuous everywhere. A continuous random variable has an uncountably infinite
number of values.

• Cumulative Distribution Function (cdf): For any random variable (discrete or continuous) X, the cumula-
tive distribution function is defined as FX (x) = P (X  x). Notice that this function must be monotonically
nondecreasing: if x < y then FX(x)  FX(y), because P(X  x)  P(X  y). Also notice that since proba-
bilities are between 0 and 1, that 0  FX(x)  1 for all x, with limx!�1 FX(x) = 0 and limx!+1 FX(x) = 1.
Also, since P (X = k) = 0 for some constant k if X is a continuous random variable, P (X < k) = P (X  k)

• Probability Density Function (pdf or density): LetX be a continuous random variable. Then the probability
density function fX(x) : R ! R of X is defined as fX(x) = d

dxFX (x). Turning this around, it means that
FX(x) = P (X  x) =

R x
�1 fX (t) dt. From this, it follows that P(a  X  b) = FX(b)� FX(a) =

R b
a fX(x)dx

and that
R1
�1 fX(x)dx = 1. From the fact that FX(x) is monotonically nondecreasing it follows that fX(x) � 0

for every real number x.

If X is a continuous random variable, note that in general fX (a) 6= P(X = a), since P (X = a) = FX(a) �
FX(a) = 0 for all a. However, the probability that X is close to a is proportional to fX (a): for small �,
P
�
a� �

2 < X < a+ �
2

�
⇡ �fX(a).

• i.i.d. (independent and identically distributed): Random variables X1, . . . , Xn are i.i.d. (or iid) if they are
independent and have the same probability mass function or probability density function.

• Discrete to Continuous: To summarize, when going from discrete to continuous, the main differences are
usually - using an integral instead of a summation, and using the density function fX(k) instead of the PMF
P (X = k).

Discrete Continuous
PMF/PDF pX(x) = P(X = x) fX(x) 6= P(X = x) = 0
CDF FX (x) =

P
tx pX(t) FX (x) =

R x
�1 fX (t) dt

Normalization
P

x pX(x) = 1
R1
�1 fX (x) dx = 1

Expectation E [X] =
P

x xpX(x) E [X] =
R1
�1 xfX (x) dx

LOTUS E [g(X)] =
P

x g(x)pX(x) E [g(X)] =
R1
�1 g(x)fX (x) dx

• Normal (Gaussian, “bell curve”): X ⇠ N (µ, �2) iff X has the following probability density function:

fX (x) =
1

�
p
2⇡

e
� 1

2
(x�µ)2

�2 , x 2 R

E [X] = µ and V ar(X) = �
2. The “standard normal” random variable is typically denoted Z and has mean 0

and variance 1: if X ⇠ N (µ, �2), then Z = X�µ
� ⇠ N (0, 1). The CDF has no closed form, but we denote the

CDF of the standard normal as � (z) = FZ (z) = P(Z  z). Note from symmetry of the probability density
function about z = 0 that: � (�z) = 1� �(z).

• Standardizing: LetX be any random variable (discrete or continuous, not necessarily normal), withE [X] = µ

and V ar(X) = �
2. If we let Y = X�µ

� , then E [Y ] = 0 and V ar(Y ) = 1.

• Closure of the Normal Distribution: Let X ⇠ N (µ,�2). Then, aX + b ⇠ N (aµ + b, a
2
�
2). That is, linear

transformations of normal random variables are still normal.

• “Reproductive” Property of Normals: LetX1, . . . , Xn be independent normal random variables withE [Xi] =
µi and V ar(Xi) = �

2
i . Let a1, . . . , an2 R and b2 R. Then,
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X =
nX

i=1

(aiXi + b) ⇠ N
 

nX

i=1

(aiµi + b),
nX

i=1

a
2
i�

2
i

!

There’s nothing special about the parameters – the important result here is that the resulting random variable
is still normally distributed.

• Law of Total Probability (Continuous): This has not been covered in class yet, but will be soon. A is an
event, and X is a continuous random variable with density function fX(x).

P(A) =

Z 1

�1
P(A|X = x)fX(x)dx

• Zoo of Continuous Random Variables

(a) Uniform: X ⇠ Uniform(a, b) iff X has the following probability density function:

fX (x) =

⇢
1

b�a if x 2 [a, b]
0 otherwise

E [X] = a+b
2 and V ar(X) = (b�a)2

12 . This represents each real number from [a, b] to be equally likely.

(b) Exponential: X ⇠ Exponential(�) iff X has the following probability density function:

fX (x) =

⇢
�e

��x if x � 0
0 otherwise

E [X] = 1
� and V ar(X) = 1

�2 . FX (x) = 1 � e
��x for x � 0. The exponential random variable is the

continuous analog of the geometric random variable: it represents the waiting time to the next event,
where � > 0 is the average number of events per unit time. Note that the exponential measures how
much time passes until the next event (any real number, continuous), whereas the Poisson measures how
many events occur in a unit of time (nonnegative integer, discrete). The exponential random variable X
is memoryless:

for any s, t � 0, P (X > s+ t | X > s) = P(X > t)

The geometric random variable also has this property.

1. Content Review

(a) What is P (X = 4) if X is a continuous random variable?

1

0

not enough information

(b) The cumulative distribution function for a continuous random variable X is FX(k) =
R k
�1 fX(x)dx
R1
�1 fX(x)dx
R1
k fX(x)dx

d
dkfX(k)

(c) The probability density function for a continuous random variable X is fX(k) =
R k
�1 fX(x)dx
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d
dkFX(k)

(d) True or False. If X is a continuous random variable, E[X] =
R1
1 xfX(x)dx

(e) True or False. If X is a continuous random variable, V ar(X) = E[X2]� (E[X])2

(f) Which of the following follow an Exponential(�) distribution?

Number of minutes to the first success with � as average number of successes per minute

Number of successes in the first 1 minute with � as average number of successes per minute

Time (real number) to the first success with � as average number of successes per minute

(g) True or False: For any random variable X, P(X = 5) = P(X � 5 = 0).

(h) True or False: For some continuous random variable X, P(X  5) 6= P(X < 5).

(i) True or False: Let X ⇠ N (µ,�2) and a, b 2 R. Then aX + b ⇠ N (aµ+ b, a
2
�
2).

2. Uniform2

Anna decided hewanted to create a “new” type of distribution that will be famous, but he needs some help. He knows
he wants it to be continuous and have uniform density, but he needs help working out some of the details. We’ll
denote a random variable X having the “Uniform-2” distribution as X ⇠ Uniform2(a, b, c, d), where a < b < c < d.
We want the density to be non-zero in [a, b] and [c, d], and zero everywhere else. Anywhere the density is non-zero,
it must be equal to the same constant.

(a) Find the probability density function, fX(x). Be sure to specify the values it takes on for every point in
(�1,1). (Hint: use a piecewise definition).

(b) Find the cumulative distribution function, FX(x). Be sure to specify the values it takes on for every point in
(�1,1). (Hint: use a piecewise definition).

3. Create the distribution

Suppose X is a continuous random variable that is uniform on [0, 1) and uniform on [1, 2], but

P(1  X  2) = 2 · P(0  X < 1).

Outside of [0, 2] the density is 0. What is the PDF and CDF of X?
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4. Max of uniforms

Let U1, U2, . . . , Un be mutually independent Uniform random variables on (0, 1). Find the CDF and PDF for the
random variable Z = max(U1, . . . , Un).

5. New PDF?

Alex came up with a function that he thinks could represent a probability density function. He defined the potential
pdf for X as f(x) = 1

1+x2 defined on [0,1). Is this a valid pdf? If not, find a constant c such that the pdf fX(x) =
c

1+x2 is valid. Then find E [X]. (Hints: d
dx (tan

�1
x) = 1

1+x2 , tan ⇡
2 = 1, and tan 0 = 0.)

6. Throwing a dart

Consider the closed unit circle of radius r, i.e., S = {(x, y) : x2+ y
2  r

2}. Suppose we throw a dart onto this circle
and are guaranteed to hit it, but the dart is equally likely to land anywhere in S. Concretely this means that the
probability that the dart lands in any particular area of size A (that is entirely inside the circle of radius R), is equal
to A

Area of whole circle . The density outside the circle of radius r is 0.

LetX be the distance the dart lands from the center. What is the CDF and pdf ofX? What isE [X] and V ar(X)?

7. A square dartboard?

You throw a dart at an s⇥ s square dartboard. The goal of this game is to get the dart to land as close to the lower
left corner of the dartboard as possible. However, your aim is such that the dart is equally likely to land at any point
on the dartboard. Let random variable X be the length of the side of the smallest square B in the lower left corner
of the dartboard that contains the point where the dart lands. That is, the lower left corner of B must be the same
point as the lower left corner of the dartboard, and the dart lands somewhere along the upper or right edge of B.
For X, find the CDF, PDF, E [X], and V ar(X).

8. Will the battery last?

Suppose that the number of miles that a car can run before its battery wears out is exponentially distributed with
expectation 10,000 miles. If the owner wants to take a 5000 mile road trip, what is the probability that she will be
able to complete the trip without replacing the battery, given that the car has already been used for 2000 miles on
the road trip?

9. Batteries and exponential distributions

Let X1, X2 be independent exponential random variables, where Xi has parameter �i, for 1  i  2. Let Y =
min(X1, X2).

(a) Show that Y is an exponential random variable with parameter � = �1 + �2. Hint: Start by computing
P(Y > y). Two random variables with the same CDF have the same pdf. Why?

(b) What is Pr(X1 < X2)? (Use the law of total probability.) The law of total probability hasn’t been covered in
class yet, but will be soon at which point it would be good to revisit this problem!
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(c) You have a digital camera that requires two batteries to operate. You purchase n batteries, labelled 1, 2, . . . , n,
each of which has a lifetime that is exponentially distributed with parameter �, independently of all other
batteries. Initially, you install batteries 1 and 2. Each time a battery fails, you replace it with the lowest-
numbered unused battery. At the end of this process, you will be left with just one working battery. What is
the expected total time until the end of the process? Justify your answer.

(d) In the scenario of the previous part, what is the probability that battery i is the last remaining battery as a
function of i? (You might want to use the memoryless property of the exponential distribution that has been
discussed.)

10. Normal questions

(a) Let X be a normal random with parameters µ = 10 and �
2 = 36. Compute P(4 < X < 16).

(b) Let X be a normal random variable with mean 5. If P(X > 9) = 0.2, approximately what is V ar(X)?

(c) Let X be a normal random variable with mean 12 and variance 4. Find the value of c such that P(X > c) =
0.10.

11. Do it in Reverse

(a) Let X be a normal random variable with parameters µ = 8 and �
2 = 9. Find x such that P(X  x) = 0.6.

(b) Lots of statistics (like standardized test scores or heights) use percentiles to give context to where outcomes
fall in a distribution. The nth percentile marks the outcome at which n% of the data points are less than the
outcome. Let Y be a normal random variable with parameters µ = 15 and �

2 = 4. What value y marks the
85th percentile? What value b marks the 15th percentile?

12. Another continuous r.v.

The density function of X is given by

f(x) =

(
a+ bx

2 when 0  x  1

0 otherwise.

If E [X] = 3
5 , find a and b.

13. Point on a line

A point is chosen at random on a line segment of length L. Interpret this statement and find the probability that
the ratio of the shorter to the longer segment is less than 1

4 .
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14. Bitcoin users

There is a population of n people. The number of Bitcoin users among these n people is i with probability pi, where,
of course,

P
0in pi = 1. We take a random sample of k people from the population (without replacement). Use

Bayes Theorem to derive an expression for the probability that there are i Bitcoin users in the population conditioned
on the fact that there are j Bitcoin users in the sample. Let Bi be the event that there are i Bitcoin users in the
population and let Sj be the event that there are j Bitcoin users in the sample. Your answer should be written in
terms of the p`’s, i, j, n and k.

15. Min and max of i.i.d. random variables

Let X1, X2, . . . , Xn be i.i.d. random variables each with CDF FX(x) and pdf fX(x). Let Y = min(X1, . . . , Xn) and
let Z = max(X1, . . . , Xn). Show how to write the CDF and pdf of Y and Z in terms of the functions FX(·) and
fX(·).

16. Continuous Law of Total Probability?

This has not been covered in class yet, but will be soon.

In this exercise, we will extend the law of total probability to the continuous case.

(a) Suppose we flip a coin with probability U of heads, where U is equally likely to be one of ⌦U = {0, 1
n ,

2
n , ..., 1}

(notice this set has size n+ 1). Let H be the event that the coin comes up heads. What is P(H)?

(b) Now suppose U ⇠ Uniform(0,1) has the continuous uniform distribution over the interval [0, 1]. Extend the law
of total probability to work for this continuous case. (Hint: you may have an integral in your answer instead
of a sum).

(c) Let’s generalize the previous result we just used. Suppose E is an event, and X is a continuous random
variable with density function fX(x). Write an expression for P(E), conditioning on X.

17. Transformations

This has not been covered in class yet and probably won’t be. But if you’re interested, please read Section
4.4 from the textbook.

Suppose X ⇠ Uniform(0, 1) has the continuous uniform distribution on (0, 1). Let Y = � 1
� logX for some � >

0.

(a) What is ⌦Y ?

(b) First write down FX(x) for x 2 (0, 1). Then, find FY (y) on ⌦Y .

(c) Now find fY (y) on ⌦Y (by differentiating FY (y) with respect to y. What distribution does Y have?

18. Convolutions

This has not been covered in class. We’re not yet sure if we will have time for it, but if you’re interested,
please read Section 5.5 from the textbook.
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Suppose Z = X +Y , where X?Y . (? is the symbol for independence. In other words, X and Y are independent.)
Z is called the convolution of two random variables. If X,Y, Z are discrete,

pZ (z) = P(X + Y = z) =
X

x

P(X = x \ Y = z � x) =
X

x

pX (x) pY (z � x)

If X,Y, Z are continuous,

FZ (z) = P(X + Y  z) =

Z 1

�1
P(Y  z �X|X = x)fX(x)dx =

Z 1

�1
FY (z � x)fX(x)dx

Suppose X1 ⇠ N (µ1,�
2
1) and X2 ⇠ N (µ2,�

2
2).

(a) Find an expression for P(X1 < 2X2) using a similar idea to convolution, in terms of FX1 , FX2 , fX1 , fX2. (Your
answer will be in the form of a single integral, and requires no calculations – do not evaluate it).

(b) Find s, where � (s) = P(X1 < 2X2) using the fact that linear combinations of independent normal random
variables are still normal.

7



Alex Tsun Probability & Statistics with Applications to Computing 1

� Table: P(Z  z) when Z ⇠ N (0, 1)

z 0.00 0.01 0.02 0.03 0.04 0.05 0.06 0.07 0.08 0.09
0.0 0.5 0.50399 0.50798 0.51197 0.51595 0.51994 0.52392 0.5279 0.53188 0.53586
0.1 0.53983 0.5438 0.54776 0.55172 0.55567 0.55962 0.56356 0.56749 0.57142 0.57535
0.2 0.57926 0.58317 0.58706 0.59095 0.59483 0.59871 0.60257 0.60642 0.61026 0.61409
0.3 0.61791 0.62172 0.62552 0.6293 0.63307 0.63683 0.64058 0.64431 0.64803 0.65173
0.4 0.65542 0.6591 0.66276 0.6664 0.67003 0.67364 0.67724 0.68082 0.68439 0.68793
0.5 0.69146 0.69497 0.69847 0.70194 0.7054 0.70884 0.71226 0.71566 0.71904 0.7224
0.6 0.72575 0.72907 0.73237 0.73565 0.73891 0.74215 0.74537 0.74857 0.75175 0.7549
0.7 0.75804 0.76115 0.76424 0.7673 0.77035 0.77337 0.77637 0.77935 0.7823 0.78524
0.8 0.78814 0.79103 0.79389 0.79673 0.79955 0.80234 0.80511 0.80785 0.81057 0.81327
0.9 0.81594 0.81859 0.82121 0.82381 0.82639 0.82894 0.83147 0.83398 0.83646 0.83891
1.0 0.84134 0.84375 0.84614 0.84849 0.85083 0.85314 0.85543 0.85769 0.85993 0.86214
1.1 0.86433 0.8665 0.86864 0.87076 0.87286 0.87493 0.87698 0.879 0.881 0.88298
1.2 0.88493 0.88686 0.88877 0.89065 0.89251 0.89435 0.89617 0.89796 0.89973 0.90147
1.3 0.9032 0.9049 0.90658 0.90824 0.90988 0.91149 0.91309 0.91466 0.91621 0.91774
1.4 0.91924 0.92073 0.9222 0.92364 0.92507 0.92647 0.92785 0.92922 0.93056 0.93189
1.5 0.93319 0.93448 0.93574 0.93699 0.93822 0.93943 0.94062 0.94179 0.94295 0.94408
1.6 0.9452 0.9463 0.94738 0.94845 0.9495 0.95053 0.95154 0.95254 0.95352 0.95449
1.7 0.95543 0.95637 0.95728 0.95818 0.95907 0.95994 0.9608 0.96164 0.96246 0.96327
1.8 0.96407 0.96485 0.96562 0.96638 0.96712 0.96784 0.96856 0.96926 0.96995 0.97062
1.9 0.97128 0.97193 0.97257 0.9732 0.97381 0.97441 0.975 0.97558 0.97615 0.9767
2.0 0.97725 0.97778 0.97831 0.97882 0.97932 0.97982 0.9803 0.98077 0.98124 0.98169
2.1 0.98214 0.98257 0.983 0.98341 0.98382 0.98422 0.98461 0.985 0.98537 0.98574
2.2 0.9861 0.98645 0.98679 0.98713 0.98745 0.98778 0.98809 0.9884 0.9887 0.98899
2.3 0.98928 0.98956 0.98983 0.9901 0.99036 0.99061 0.99086 0.99111 0.99134 0.99158
2.4 0.9918 0.99202 0.99224 0.99245 0.99266 0.99286 0.99305 0.99324 0.99343 0.99361
2.5 0.99379 0.99396 0.99413 0.9943 0.99446 0.99461 0.99477 0.99492 0.99506 0.9952
2.6 0.99534 0.99547 0.9956 0.99573 0.99585 0.99598 0.99609 0.99621 0.99632 0.99643
2.7 0.99653 0.99664 0.99674 0.99683 0.99693 0.99702 0.99711 0.9972 0.99728 0.99736
2.8 0.99744 0.99752 0.9976 0.99767 0.99774 0.99781 0.99788 0.99795 0.99801 0.99807
2.9 0.99813 0.99819 0.99825 0.99831 0.99836 0.99841 0.99846 0.99851 0.99856 0.99861
3.0 0.99865 0.99869 0.99874 0.99878 0.99882 0.99886 0.99889 0.99893 0.99896 0.999
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